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Abstract: Domestic service robots (DSRs) Related work: Open-vocabulary manipulation
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1. LLM-based Task Paraphraser MultiRankIt Object fetching tasks based on the human-in-
[Kaneda+, RA-L24] the-loop setting

OVMM Open-vocabulary mobile manipulation tasks
[Yenamandra+, CoRL23] SOTA method achieved SR of only 10%

® Few existing methods handle the image retrieval setting
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1. Outperformed the baseline methods on the novel dataset

2. Achieved a success rate of 82% in the physical experiments
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Obtains fine-grained text features from o
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Segment Anything Region Encoder: Ximg :

Enhances visual features regarding shape and Ranks of V... :
contour of objects by utilizing SAM [Kirillov+, ICCV23] Ranks of Vi, -
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Settings: 1. Newly-built dataset, 2. Physical experiments in the standard environment [Okada+, AR19]

1. LTRRIE-FC dataset based on HM3D [Ramakrishnan+, NeurlPS21]
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Create an instruction to transport the target object (a red box on the left) to the designated destination (a green box on the right). .
If the boxes enclose areas that are inappropriate for object manipulation, you can instead choose any object from the left image and any piece (] (] M
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Results: 1. Outperformed the baseline methods, 2. Achieved a success rate of 82% in zero-shot setting

1. Quantitative results: Standard metrics for image retrieval 2. Qualitative result: Successful sample
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“Can you take the mustard container on the shelf to the black box?” ]
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